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Method

Overview of the proposed DLF framework.

Introduction

O\Motivation: Increasing demand for efficient image compression methods.
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Q: scalar quantization; AE/AD: arithmetic codec; VQ-E/VQ-D: VQ-indices coding.

X Key components

They prioritize clustering com- * Semantic transform adopts 1-D tokenizer to compress each
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bottlenecks, there by reducing

(a) Interactive transform (IT) module

convergence; Stage Il fine-tunes the entire model in the
pixel domain, enhancing reconstruction quality.

Our Dual-generative Latent Fusion framework

redundancy.

Architecture of Interactive Transform (IT) module.




